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Abstract
This paper assesses the e↵ect of unemployment insurance (UI) generosity on occupa-
tional mobility. It is noted that this e↵ect is theoretically ambiguous since UI o↵sets
the cost of switching (which increases mobility), and enables workers to look for a job
within the current occupation (which decreases mobility). Using data from the Survey
of Income and Program Participation, I analyze the relationship between UI generosity
and the probability of switching occupations for unemployed individuals. I show that
increasing UI benefit levels leads to a decrease in the probability of switching occupa-
tions, and provide further evidence that the e↵ect is stronger during recessions and for
individuals in low-wealth households.
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1 Introduction
Unemployment insurance (UI) policy and its e↵ects on labor market outcomes has been
studied extensively. While its impact on search incentives and match quality are well known,
little consideration has been given to the way it a↵ects occupational switches. Extant lit-
erature on occupation-specific human capital suggests occupations are an important deter-
minant of match quality. As such, the gap in the literature is non-trivial and warrants
consideration. According to the Bureau of Labor Statistics, around 60% of workers who
exit unemployment find jobs in occupations di↵erent from the one they were hired in prior
to job loss in the US. The focus of this paper is to analyze whether occupation switches of
unemployed individuals is a↵ected by the level of unemployment benefit they are receiving.
Overall, the paper tests the following hypotheses: is the probability of switching occupations
upon reemployment a↵ected by UI generosity? Does the impact of UI on occupational mobil-
ity vary over the business cycle? Lastly, does the amount of liquidity available to individuals
play a role in how their occupational mobility responds to UI levels?
While it is a consistent empirical finding that extended benefits increase the duration of
unemployment spells and reemployment wages, the e↵ect UI has on occupational mobility is
unexplored and is theoretically ambiguous. On the one hand, unemployment benefits provide
a “search subsidy” (Burdett, 1979) by giving the unemployed time to find the right job. In
a labor market with search frictions, unemployment benefits o↵set the cost of switching
occupations, and can thus increase mobility. On the other hand, unemployment benefits
also increase the benefit from remaining unemployed, and can enable workers to continue
searching for jobs within their current occupations. By insuring workers against the need
to find a job faster, higher UI can enable them to form better matches by remaining within
their current occupations. This paper provides insight to address the ambiguity, and bridges
the gap in the literature by empirically evaluating the e↵ect of UI on occupational mobility.
Extant models of occupational choice also suggest that mobility varies along the business
cycle as there are more jobs available in booms than in recessions. Research on unem-
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ployment insurance suggests that the moral hazard induced by UI is lower when the local
unemployment rate is high (Kroft, 2010). This paper combines these two strands of lit-
erature to test whether the e↵ect of UI on occupational mobility varies over the business
cycle. Intuitively, it can be hypothesized that if increasing UI allows individuals to be more
selective about the jobs they accept, then the e↵ect of the benefit level on occupational
mobility should be stronger when jobs are scarce i.e. during recessions rather than during
booms. Additionally, it has also been empirically found that the moral hazard induced by UI
is lower for individuals from liquidity constrained households (Chetty, 2008). The analysis
tests whether this e↵ect also holds true for occupational mobility by analyzing if individuals
with lower cash-on-hand respond more strongly to a change in UI.
The data used to conduct the analysis is a nationally representative sample from the Sur-
vey of Income and Program Participation (SIPP) spanning the time period of 1989-2012. In
order to test the hypotheses mentioned above, I use a probit model to analyze the probability
of individuals switching occupations upon reemployment given an increase in the unemploy-
ment benefit level. To obtain the data on unemployment benefit levels, I follow previous
empirical studies on UI (Chetty, 2008 and Levine, 1993) and exploit the variation in benefit
levels of unemployment insurance across US states and over time. Empirically classifying
occupation switches, however, is more di cult. Following the theory of occupation-specific
human capital, I define a change in occupations as one which entails a corresponding change
in the technology of production of the worker. As such, similar to Kambourov and Manovskii
(2008) and Vella and Moscarini (2004), I focus on 3-digit occupational codes in SIPP since
it most closely corresponds to a “career”.
There are three key results of the paper. Firstly, it addresses the theoretical ambiguity
of the e↵ect of UI on occupational mobility through finding that increasing UI decreases
occupational mobility. Thus, all else equal, individuals have a 6.02% higher probability of
finding reemployment in their previous occupations when their benefit level increases by 10%.
The interpretation of this result is that though UI o↵sets the cost of switching occupations,
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most unemployed workers prefer to find jobs in occupations they were laid o↵ from. Higher
UI increases their ability to do so. Secondly, it finds that while occupational switches for
the unemployed rises during recessions, an increase in benefits corresponds to an increase
in the probability of finding reemployment within the same occupation. This suggests that
increasing benefits during recessions can result in lower mobility and protect workers against
having to accept suboptimal job o↵ers. Following the same procedure as Chetty (2008), I
also find that individuals from liquidity constrained households have the greatest reduction
in their probability to switch occupations given an increase in the benefit level, suggesting
that cash-on-hand from UI impacts poorer individuals’ ability to search the most.
The paper is organized as follows: Section 2 gives an overview of the existing literature
and the gap this paper fills by empirically testing the e↵ect of benefits on occupational
mobility. Section 3 highlights the theoretical basis of the approach used. Section 4 presents
the empirical strategy; the data and the empirical model used for the analysis. Section 5
presents the results and discusses implications. Section 6 concludes.
2 Literature Review
Despite the growing literature that relates UI to post-unemployment outcomes, the e↵ect
of UI on occupational mobility has been left unexplored. In a number of related studies, it has
been found that extending UI results in better matches in terms of tenure of job and wages
(Centeno, 2004), which has been related to the subsidizing e↵ect of UI that increases workers’
ability to look for a job for longer (Burdett, 1979). Whereas those earlier papers focused on
job match quality, this paper focuses on occupational match quality. Motivating my work is
the paper of Kambourov and Manovskii (2009b), which emphasized the importance of returns
to occupational tenure over industry or job tenure. Occupations capture both the pecuniary
and non-pecuniary benefits from employment, such as a workers’ wage prospects, technology
of production, tenure, flexibility and familiarity, etc. As such, this paper contributes to the
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literature on UI by examining its e↵ect on an unexplored dimension of match quality. In
addition, it contributes to the literature on occupational mobility of unemployed individuals
by examining how cash-on-hand from UI a↵ects mobility patterns. Through its empirical
approach, it is able to provide an important insight on an e↵ect that is ambiguous according
to extant studies.
To understand the e↵ect of UI on occupational mobility, I borrow from the literature on
the liquidity e↵ect of UI and its impact on post-unemployment outcomes. It is a consistent
empirical finding that UI increases the duration of an unemployment spell by reducing the
exit rate from unemployment, which has been interpreted as a result of the distortion of
search incentives (Krueger and Meyer, 2002). Mo tt (1985) and Meyer (1990), among others
have shown that, in the US, a 10% increase in UI benefits extends average unemployment
durations by 4-8%. Chetty (2008) argues that this e↵ect is not simply due to the moral
hazard that is induced, and suggests that the liquidity e↵ect of UI also plays a role. He finds
that for individuals who are unable to smooth consumption as a result of being unemployed,
the liquidity e↵ect of UI is more important than the distortions of search incentives to
account for the extended spell duration. The intuition is that when provided with higher
UI, individuals face less pressure to find a job quickly. This paper extends the implications
of his results to shed light on the e↵ect of UI on occupational switches. It analyzes whether
the di↵erence in liquidity e↵ect of UI across wealth groups also translates to occupational
choice, providing a novel insight on the varying e↵ects UI has on the matches formed by
individuals in di↵erent wealth groups.
While there is a growing literature arguing that UI increases match quality, it does not
provide much insight into the direction in which it a↵ects occupational mobility. As such,
this paper contributes to the research on the post-unemployment impact of UI by examining
its e↵ect on occupational matches. Previous studies on the e↵ect of UI on matching have
argued that UI benefit is seen as a search subsidy (Burdett, 1979), which, in the presence
of search frictions, a↵ords individuals pecuniary advantages and time to find a job. As
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such, it is expected that it increases workers’ ability to look for and find a job that better
matches their preferences and ability. Marimon and Zilibotti (1999) present a model on UI
and mismatch to demonstrate a positive impact of the UI system on the reduction of job
mismatch. Acemoglu and Shimer (2000) analyze the productivity gains from more generous
UI systems. They show that UI increases labor productivity when workers are risk averse
through encouraging them to seek higher-productivity jobs. It also encourages firms to create
these jobs. This line of research suggests UI o↵sets the cost to search for a job, and also
enables them to take on more risk in their optimal search path. This paper extends these
findings to examine how UI a↵ects the way people sort into occupations. In comparison to
its e↵ect on wages and tenure, the e↵ect UI has on occupations is less clear and is addressed
through the empirical evaluation of this paper.
As such, the key variable of interest within the paper relates to the studies on occupational
choice of unemployed individuals and the factors that a↵ect reallocation flows. Wiczer (2015)
builds a model in which unemployed workers are attached to their recent occupation due
to specific human capital, and as such incur costs when deciding to switch occupations
through forming poorer matches. His work is similar to Carrillo-Tudela and Visschers (2014)
who document that the vast majority of aggregate unemployment is explained by workers
choosing to remain in the same occupations despite low prospects of being rehired in them.
They also find that the likelihood of switching the occupation upon reentry increases with the
unemployment duration. Relating their work to the e↵ect of UI suggests that for two workers
who have the same length of unemployment spell, the one with more cash-on-hand should
have a lower chance of switching occupations. Providing workers with UI would enable them
to finance and prolong their search within their previous occupation. However, if unemployed
individuals switch jobs for reasons unrelated to the probability of finding reemployment in
their previous occupation, the receipt of UI benefits can facilitate reallocation by o↵setting
the cost of finding an occupation that has prospects of hiring.
This paper addresses this ambiguity through empirically evaluating the e↵ect of unem-
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ployment insurance benefit level to the probability of switching occupations. It draws from
the literature on job matching used in Marimon and Zilibotti (1999) to generate its hy-
potheses in relation to occupational mobility. Marimon and Zilibotti show that increasing
the generosity of UI systems lead to lower mismatch and higher productivity per worker. In
their model UI reduces employment, but also helps workers get matched with jobs that are
more compatible with their skills and are less likely to separate. Furthermore, in tight labor
markets people tend to be more selective, and only accept optimal job o↵ers. They prove
that increasing UI generosity can make workers more picky during times of downturn and
reduce job mismatch. In this paper, I utilize their framework to empirically investigate the
e↵ect of UI on occupational mobility. I also extend their analyses to study the impact of the
UI generosity on the cyclical behavior of occupational mobility of the unemployed.
The hypotheses are tested empirically, using an approach that is specified similar to
Chetty’s hazard model (2008). Chetty exploits the variation in UI generosity across US states
to find that UI a↵ects individuals’ job search di↵erently according to their level of liquidity
constraints. In his empirical analysis he highlights the important factors to consider in order
to isolate the direct impact of the benefit level on search behavior. This paper extends
his setup to examine the e↵ect of UI on the probability to switch occupations rather than
the likelihood of exiting unemployment. Additionally, motivated by his consideration of the
di↵erent e↵ects UI has based on liquidity constraints, it also examines whether UI a↵ects
the occupational mobility of people di↵erently based on their level of wealth.
On the empirical side, there are a limited number of studies addressing the impact of UI
on post-unemployment outcomes. The existing ones have almost exclusively concentrated
on the wage dimension of match quality, with a few considering the impact on job stability
and tenure. Kugler and Farooq (2018) analyze the e↵ects on match quality in the US
after the Great Recession. By using data from the Current Population Survey, they find
that extending UI increases wages and reduces separations in the first year after exiting
unemployment. Belzil (2001) looks at job duration. He explores a reduction in the initial
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entitlement period rule in Canada and finds a weak but positive impact of the maximum
benefit duration on job duration. Quasi-linear experiments from Cart (2007), Lalive (2007),
and Van Ours (2008) find that the wage e↵ects from UI are not significant, and Schmider
(2016) finds a negative relationship between UI and wages. The main conclusion from this
literature is that studies that used samples of UI claimants have found very little conclusive
evidence on the e↵ect of UI on post-unemployment outcomes. However, studies comparing
UI claimants and non-claimants usually have found more significant estimates.
As I have advanced above, match quality is not only made of wages, but also of other
job aspects that together combine to impact worker mobility. The use of occupations as
a measure of these other characteristics, and thus of match quality, can be justified by
taking the evidence on the importance of non-pecuniary job characteristics on voluntary
quits presented in Akerlo↵, Rose, and Yellen (1988) and Kambourov and Manovskii (2009b).
In contemporaneous work, Houstecka and Parkhomenko (2019) is the only study that I know
of that looks at the e↵ect of UI on occupational mobility using similar features but through
quite di↵erent methods. Similar to this paper, they use a uni-dimensional measure for
occupation. However, they do so by constructing a distance measure between occupations
based on occupational task measures of the O*NET project. Additionally, they use their
own methodology to calculate the benefit level of unemployed individuals. In contrast, this
paper classifies occupational switches as those that entail a loss of occupation-specific skills
and uses state UI level to proxy for the benefit level. Unlike Houstecka and Parkhomenko,
I also analyze how the e↵ect varies across the business cycle and across wealth groups,
which has not been considered in the literature. Both papers highlight the overall impact of
cash-on-hand through UI on occupational choice.
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3 Model
The theoretical background of this paper takes into consideration the findings in the
literature. It is assumed that there is a continuum of unemployed workers, who di↵er in
terms of observable characteristics, including the occupation which they start in. Workers
sample jobs that are either within the same occupation they were laid o↵ from, or a di↵erent
one. The two types of jobs di↵er in their wages, and job finding rate. Additionally, it is costly
to switch occupations. This section considers these factors in understanding UI’s influence
on mobility decisions, and sets up expectations for the empirical analysis.
For the sake of simplicity, it is assumed that a worker cannot search for jobs in both
occupations simultaneously i.e. if they choose to search for a job in their own occupation,
and fail to find one, they must spend the rest of the period unemployed. As such, the
market that the worker chooses to search in depends on the expected utility from choosing
to switch occupations versus staying in their current one. Workers select endogenously into
occupations in order to maximize their utility payo↵.
The expected utilities from choosing either occupation is a function of its potential payo↵
and job finding rate. The potential payo↵ in each occupation is individual-specific which
includes pecuniary benefits (i.e. wages), as well as non-pecuniary returns related to an indi-
vidual’s preference for each particular occupation. Switching occupations has an associated
monetary and utility cost. For example, switchers may need to pay an upfront monetary
cost to look for a job in a di↵erent occupation that has prospects of hiring, and they may
have to overcome certain institutional barriers to enter a new occupation. Both types of cost
reduce their payo↵ in the new occupation.
In addition to the payo↵, workers need to consider the probability of finding a job within a
certain occupation. For example, if the probability of finding reemployment within the same
occupation is lower, workers may be incentivized to switch occupations. In the model, the
job finding rate di↵ers across occupations, and is assumed to be exogenous to the job-finding
process of the worker.
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Taking these into consideration, we can write down the expected utility for individual i
who switches from occupation k to occupation j as follows:
E[Uij] = ⇡jUi(wj   ckj) + (1  ⇡j)Ui(bi   ckj)  ⇣kj, (1)
where ⇡j is the job finding rate of occupation j, and Ui(x) is the utility worker i gets from
x amount of income, which exhibits diminishing returns. Ui(wj   ckj) is the wage benefit of
switching to occupation j that pays wage wj. The wage benefit is reduced by a pecuniary
amount ckj, representing the monetary transition cost of switching into j from k. As such,
⇡jUi(wj   ckj) is the expected utility from finding a job in occupation j when the initial
occupation was k, and (1   ⇡j)Ui(bi   ckj) represents the expected utility from remaining
unemployed when choosing to switch occupations. The bi in the latter term represents
the level of unemployment benefits the worker is entitled to, and ckj is the aforementioned
pecuniary cost of searching for a job in a di↵erent occupation that they incur regardless of
whether or not they find employment. As such, this cost e↵ectively reduces the gains from the
benefit amount. The additional term ⇣kj appears to represent the utility cost from searching
for a job in a di↵erent occupation, meant to capture concepts such as lack of familiarity, etc.
Intuitively, this cost captures time and e ciency loss associated with searching in a di↵erent
occupation, and is incurred regardless of whether or not a job is found.
Individual i can also choose to stay within their current occupation k. ⇣kj is assumed to
be 0 when choosing to search within the same occupation. Similarly, the pecuniary cost ckj
is also 0, meaning that the worker e↵ectively gets their full benefit-level bi if they fail to find
a job. If they are able to find a job, they get wage wk, and the probability that they will
find a job in occupation k is ⇡k. Using this information, we can construct the expression for
the expected utility from E[Uik]:
E[Uik] = ⇡kUi(wk) + (1  ⇡k)Ui(bi). (2)
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A worker wants to maximize their expected utility, and it is assumed that the potential
payo↵s of either occupation, their job finding rates, and associated costs (or lack thereof)
are known to them. As such, they would choose whichever occupation has higher expected
utility. From this set up, it is possible to see that the occupation switching decision would
be motivated by the di↵erence between expressions (1) and (2):
Y
⇤
i = E[Uij]  E[Uik] (3)
= ⇡jUi(wj   ckj) + (1  ⇡j)Ui(bi   ckj)  ⇣kj   ⇡kUi(wk)  (1  ⇡k)Ui(bi).
Y
⇤
i is the expected gain (or loss) for worker i for switching occupations. If Y
⇤
i > 0, it means
individual i will switch occupations, whereas if Y ⇤i < 0 would mean they remain in their
current one. From this setup it is possible to see that whether or not an individual i chooses
to switch occupations depends on the wages of each occupation, the costs associated with
searching in a new occupation, and the probability of employment in each. The sign of Y ⇤i
will vary according for each individual depending on their individual characteristics, and
expected utility cost of switching. A higher monetary cost to switch would reduce mobility,
whereas a lower probability of finding a job in their current occupation will increase mobility.
The e↵ect of unemployment benefits is not as clear, since the worker receives bi when they
search for an job in either occupation, which have di↵erent job finding rates. To examine
the comparative statics of Y ⇤i in response to a change in bi, I take the partial derivative of
Y
⇤





= (1  ⇡j)U 0i(bi   ckj)  (1  ⇡k)U 0i(bi). (4)







= (1  ⇡j)(U 0i(bi   ckj)  U 0i(bi)) + (⇡k   ⇡j)U 0i(bi). (5)
This suggests that the e↵ect of unemployment benefits on occupational switching de-
pends on the probability of finding a job in the new occupation compared to their current




biguously positive when diminishing marginal utility holds. This implies that, if the reasons
for switching occupations is unrelated to the probability of finding reemployment in the
previous occupation, increasing benefits would increase the propensity of an individual to
switch occupations. The intuition behind this finding is that if it is exogenously easier to
find a job in the current occupation, higher benefits would enable workers to select into an
occupation in which jobs are more di cult to find by o↵setting the cost to switch. This
is in line with the empirical finding that unemployment benefits provide a search subsidy
and enable workers to take on more risk. Note that whether or not the individuals actually
switch depends on the sign of Y ⇤i in equation (3).
If, however, it is less likely for individual i to find a job in occupation k i.e. ⇡k < ⇡j
then the direction of the e↵ect of benefits is ambiguous, and would depend on the relative
magnitude of (1   ⇡j)(U 0i(bi   ckj)   U 0i(bi)) and (⇡j   ⇡k)U 0i(bi). The former term is the
di↵erence in the marginal payo↵ of remaining unemployed after switching, (U 0i(bi   ckj)  
U
0
i(bi)), weighted by the probability of remaining unemployed in the new occupation, (1  
⇡j). This needs to be compared to the latter, which is the marginal payo↵ of remaining
unemployed by not switching, U 0i(bi), weighted by the di↵erence in probability of finding a
job in the new occupation, (⇡j   ⇡k).
The ambiguity exists because when individuals are provided with UI, two e↵ects take
place: it is less costly to find a job in a new occupation which has a higher chance of finding
employment; simultaneously, it is less risky to look for a job in the previous occupation
where there is a lower chance of finding reemployment. Under certain conditions, either
e↵ect could dominate.
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When given higher benefits, and individual would be more prone to switch occupations
if the following condition holds:
(1  ⇡j)(U 0i(bi   ckj)  U 0i(bi)) > (⇡j   ⇡k)U 0i(bi), (6)
Therefore, mobility is higher since UI o↵sets the monetary cost to move. Despite it being
easier to find a job in a di↵erent occupation, individuals have to take on extra costs to look
for a job in an occupation they were not employed in previously. Higher UI reduces the
amount of money they pay out of pocket. As such, it could be that the cost of switching is
more important to workers, in which case UI increases mobility.
However, it could also be that the reason individuals switch is related not to the cost of
switching, but to the probability of finding reemployment in their previous occupation. In
this case, when given higher benefits, the e↵ect of unemployment benefits could be to lower
mobility, when:
(1  ⇡j)(U 0i(bi   ckj)  U 0i(bi)) < (⇡j   ⇡k)U 0i(bi), (7)
which implies that there are higher expected returns from staying in their current occupation
when benefits increase. This is due to the fact that unemployment benefits increase the
relative value of unemployment in the current occupation, allowing workers to pursue a
market with a lower job finding rate with more security. As such, if workers are prone to
switching in order to find a job faster, increasing UI enables them to stay unemployed for
longer, and reduces mobility.
The model thus sets up certain expectations for what can be observed in the data,
and emphasizes the importance of an empirical approach to understand the e↵ect of UI on
occupational mobility. The key takeaway is that UI has an e↵ect on mobility but it is not
possible to predict the direction in which the e↵ect goes. If UI increases mobility, it can
be towards occupations which are di cult to find employment in, or those that have a high
cost to look for a job in. If UI decreases mobility, it may be because it is harder to find
15
reemployment in the same occupation, and UI is able to extend search. It is expected that
recessions will increase the magnitude of the e↵ect UI has on mobility, since jobs are more
di cult to find overall during times of economic downturn. Additionally, the liquidity e↵ect




My objective is to understand the e↵ect of unemployment benefits on occupational mo-
bility. As such, I use survey data on individuals’ employment, demographic, and earnings
history to construct a cross-sectional dataset of unemployment spells, and append it with
data on unemployment benefit level. Sections 4.1.1 and 4.1.2 delineate the sources I use, and
Section 4.1.3 describes the sample selection and construction of the unemployment spells.
4.1.1 Survey of Income and Program Participation (SIPP)
The SIPP is a longitudinal survey that collects information on income, participation in
government programs and employment from nationally representative US households. The
survey is organised in panels, and each panel contains a new sample of individuals. Interviews
are conducted in waves every four months, with individuals being observed on average two to
four years. The frequency and detail of the SIPP panels makes it appropriate for studies on
the labor market, particularly concerning unemployment spells, and has been used by Chetty
(2008), Wiczer (2013), Visschers and Carrillo-Tudela (2014) amongst others to understand
unemployment labor market dynamics.
The SIPP is the most appropriate for the analysis of this paper as well, since individuals
are tracked long enough to observe entry and exit into unemployment to provide information
on their pre-unemployment and post-unemployment characteristics such as occupation, as
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well as those during the spell, such as receipt of unemployment benefits.
To observe occupational mobility, I follow the recommendations in Kambourov and
Manovskii (2008) and Vella and Moscarini (2004), and focus on 3-digit level occupational
classification. The reason is that, compared with its 1-digit and 2-digit level counterparts,
3-digit occupational classification better corresponds to the theory that preservation or de-
struction of occupation-specific human capital occurs during the switch process. The 3-digit
classification also most closely corresponds to a ”career”. SIPP’s occupational classification
system is similar to the 1990 Census of Population classification, which in turn is developed
from the 1980 Standard Occupational Classification (SOC 1980). Owing to the frequency
of data collection and the improved classification system of occupations, the incidence of
measurement error within SIPP is relatively low. To further protect against misidentifying a
change at the 3-digit level as a true change in occupations, I use the recommendations from
Hill (1994). When an occupational switch in the data is observed i.e. the individual’s pre-
unemployment occupation is di↵erent from their post-unemployment one, it is taken down
as a true occupation switch only if there is also a change in employer, industry, working
hours or wage rate. Otherwise the switch is considered to be errors in the survey process,
and is not recorded.
A change at the 3 digit-level does not necessarily indicate a change in the technology of
production for the worker. Following Xiong (2015), I classify all the occupational switches
into those that change the technology and production and those that do not, based on the
description of the occupation.1 SIPP codes movement up and down the career ladder as a
di↵erent occupation, and I assume that all occupation-specific human capital is transferred in
such cases. For example, a promotion from assistant regional manager to regional manager
entails a no-loss switch, therefore I do not classify it as a switch in the occupation. All
other switches are considered to be loss-switches which entail a change in the set of skills
1Xiong (2015) finds that there are there are 250 possible pairs in total which entail movement up or down
the career ladder. He lists the source and target occupation codes which meet this criteria (See Appendix).
In my analysis, those switches are are not considered to be a switch in occupations.
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required in the occupation i.e. the kind of switch that is relevant to this analysis. All of the
subsequent analysis is done only on the primary occupation, for the sake of simplicity in the
judgement rule.
4.1.2 Weekly Unemployment Benefit Level
While SIPP has a relative advantage in reporting occupations, the same cannot be said
about the way in which it records the level of unemployment benefits an individual receives.
Though it contains information on the level of unemployment benefits individuals are re-
ceiving, the observed amount within SIPP is subject to a great deal of measurement error.
To counter this, I replace the benefit amount with information from the Bureau of Labor
Statistics (BLS). The BLS provides detailed information on the average weekly benefit on a
monthly basis for each state. Motivated by the fact that unemployment benefit levels do not
vary significantly within states, if an individual reports as receiving unemployment benefits,
their benefit level is imputed according to the month, year and the state they place their
claim in. Map 1 shows the variation in the average UI level over the time period.
[INSERT MAP 1: VARIATION IN UI ACROSS STATES]
4.1.3 Unemployment Spells
Using data between 1989-2012 from the Survey of Income and Program Participation, I
construct a sample of individuals who go through at least one unemployment spell, keeping
only individuals who are observed both before and after the spell, so as to observe their
pre and post-unemployment characteristics. I also drop observations from individuals in
Maine, Vermont, Iowa, North Dakota, South Dakota, Alaska, Idaho, Montana, and Wyoming
because the SIPP does not provide unique state identifiers for individuals residing in these
small states, and they comprise of less than 3% of the total sample. To only observe working
age individuals, I exclude people younger than 18 years, and older than 65 years.
To construct the sample of unemployment spells, I identify all individuals who report
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being unemployed due to lay-o↵. Since individuals qualify for unemployment benefits only
if they have been laid o↵ through no fault of their own, it is important to only look at
individuals who report their reason for job loss as ”On layo↵, Discharged/fired, Job was
temporary and ended, Employer bankrupt or Slack work or business”. From there, I investi-
gate the employment status of the individual to identify those who report to be searching for
a job, and are not on temporary lay-o↵. These considerations and restrictions leave 28,895
unemployment spells in the final sample.2
[INSERT TABLE 1: SUMMARY STATISTICS]
Table 1 reports the summary statistics of individual spells in the final sample. Monetary
values are in real 1990 dollars in this and all subsequent tables, converted using the CPI.
The median unemployed individual is 30 years of age with a wage rate of $13.38, household
earnings $1,500, and has at most a high school degree at the time of lay-o↵. The majority
of the sample is white (66.94%), male (53.98%), and comprised of U.S. citizens (60.74%).
The average unemployment spell lasts 12.52 weeks, and consistent with empirical findings,
appears to be higher for those who receive benefits. The proportion of spells in which
individuals received unemployment benefits is fairly low, at only 31.12%, receiving a median
amount of $251.99 in benefits per week. The rate of occupational switches, however, is much
higher, with 61.06% of spells ending in reemployment in a di↵erent occupation at the 3-digit
level, using the considerations from Section 4.1.1. The rate of occupational switch appears to
be slightly higher for those receiving unemployment benefits (62.29% compared to 60.51%).
Figures 1 through 5 show how the proportion of individuals who switch varies according to
some of the main explanatory variables. It can be observed that the proportion of individuals
who switch occupations is higher for individuals with higher benefits, regardless of age,
gender, state unemployment rate, and household earnings. However, as shown by Figure
1, proportion of occupation switches for UI recipients is consistently lower than for non-
recipients within the same category of unemployment spell duration. It is important to
2The Appendix describes the sample selection and construction of spells in greater detail.
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control for these variables amongst others to observe the marginal e↵ect each of them has
on the probability to switch occupations.
[INSERT FIGURE 1 - FIGURE 5]
4.2 Empirical Model
From the discussion of the theoretical model, it is evident that the decision to switch
occupations is dependent on the sign of Y ⇤i from equation (3). This value of Y
⇤
i is unobserv-
able. What we do observe is whether there is a change in the 3-digit occupation of individual
i at the end of a particular spell. As such, we can employ a latent variable model for the
binary data as follows:
Y
⇤
i =   [Xi ] + ✏i. (8)
Let Y ⇤i be latent di↵erence in utility between occupations k and j, which is a function of
a vector of observable characteristics of the individual X i and an idiosyncratic error term ✏i
that is not observed.
The latent variable Y ⇤i determines the observed outcome Yi for individual i, which is an





0 if Y ⇤i < 0
1 if Y ⇤i   0
(9)
If we assume that ✏i is i.i.d N(0, 1) within the population, we can write down a model
for the probability of occupation switch as:
P [Yi = 1|X i] =  (  [Xi ]), (10)
where  (·) is the cumulative standard normal distribution function, and   is the vector of
coe cients associated with the relevant explanatory variables that determine an individual’s
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switch in occupations.3 Without loss of generality, I can use the same set up for the data
on spells, where the outcome variable qh,s,t defines the probability that spell h in state s in
year t results in a switch in occupations. Therefore, I specify the model as:
qh,s,t =  (↵s,t +  1log(bh,s,t) +  2durh +   [Xi ]), (11)
where the outcome variable qh,s,t is subject to the main explanatory variable of interest,
the unemployment benefit levels bh,s,t. The natural log of the benefit level is taken to allow
interpretations in terms of percentage changes. The vector X i is included to control for
personal characteristics (sex, age, education, race, immigrant-status, household earnings),
pre-unemployment characteristics (wage, industry, occupation), as well as state and year
fixed e↵ects. Given normality in the unobservable idiosyncratic term, the model can be
estimated via maximum likelihood i.e. a probit model, which yields consistent and asymp-
totically e cient estimates.
However, the binary response model at issue may yield substantially biased results if it
fails to take endogeneity into account, which may arise for a number of reasons. The first
is induced by the work-decision. To observe the e↵ect of unemployment benefits on occu-
pational mobility, the empirical approach is limited to individuals who find reemployment,
and is unable to consider the behavior of workers who receive benefits but do not see reem-
ployment in the time that they are observed. Failing to account for the process by which
individuals are reemployed might introduce a sample selection bias. That is, the parameters
that are estimated by examining only those who find reemployment are consistent for only
those individuals, but are generally inconsistent for the labor force.
A possible solution to this problem is to acknowledge that the inferences that can be
drawn from this empirical analysis is restricted to those who find reemployment in the given
observation time. Though this may seem contentious, I argue that workers who do not find
reemployment in the time that they are observed in the SIPP (which ranges from 2 to 4
3The Appendix includes details on the specification of the probit model.
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years) represent a small minority of outliers, since the median unemployment spell lasts
around 9 weeks. Indeed, the dataset shrinks by less than 2% (542 spells) upon excluding
individuals who remain unemployed in the remainder of the time that they are observed.
Endogeneity concerns about the time and state varying e↵ects can be accounted for by using
state and time fixed e↵ects, which control for the average di↵erences in any observable or
unobservable predictors, such as di↵erences in legislation, work culture, etc. Additionally,
the variation introduced at this level primarily applies to the length of time for which UI
benefits are available, and not the replacement rate, which is what determines the benefit
level. Therefore, average benefit levels within a state tend to remain stable over time.
A di↵erent problem arises through possible omission of explanatory variables, such as
aggregate macroeconomic conditions which are known to influence the e↵ect of unemploy-
ment benefit and occupational mobility patterns. Occupational mobility for unemployed
individuals should increase during recessions, since at times of high unemployment, it may
be anticipated that workers scramble to find any kind of job. Additionally, literature on
the e↵ect of unemployment insurance on search behavior finds that unemployment benefits
induce a lower moral hazard during recessions. While it is di cult to obtain a comprehen-
sive vector that captures the market conditions faced by each individual, it is reasonable to
assume that much of it is captured in the state unemployment level and its deviance from the
state average when workers are laid o↵. Therefore, I modify the specification in equation (11)
to include the unemployment rate in the state at the beginning of the spell, urs, obtained
from the BLS. Doing so, while allowing me to perform a robustness check for the original
model, also provides novel insight into the interaction between UI and unemployment.
qh,s,t =  (↵s,t+ 1log(bh,s,t)+ 2durh+ 3(urs urs)⇤ log(bh,s,t)+ 4(urs urs)+  [Xi ]). (12)
I subtract the average unemployment rate in the state over the time period, urs, from urs
for easier interpretation of the direct e↵ect of UI at di↵erent unemployment rates. Including
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the interaction term (urs urs) ⇤ log(bh,s,t) allows us to examine whether the e↵ect of unem-
ployment benefits on mobility di↵ers according to fluctuations in aggregate macroeconomic
conditions.
The final modification I consider is to look at whether the unemployment benefit level has
di↵erent e↵ects depending on the liquidity constraint faced by the individual. This iteration
of the specification is motivated by Chetty (2008), who finds that the liquidity e↵ect of
unemployment benefits is higher for individuals who are on the lower end of the wealth
distribution. Under the hypothesis that unemployment benefits enables workers to search
for better-matched jobs for longer through the liquidity e↵ect, it is worthwhile to examine
whether this e↵ect is more pronounced for individuals in liquidity constrained households. I





i in equation (11). To observe whether individuals from liquidity constrained
households respond di↵erently to UI levels, I allow Q1i to equal 1 if individual i belongs to
the lowest quartile of the wealth distribution, and 0 otherwise. Similarly, Q2 4i equals 1 if
the individual i belongs to the upper three quartilies of the distribution, and 0 if they do
not.
qh,s,t =  (↵s,t +  1Q
1
i log(bh,s,t) +  2Q
2 4
i log(bh,s,t) +  3durh +   [Xi ]). (13)
5 Results
5.1 Unemployment Benefit Level and Occupational Mobility
In order to analyze the e↵ect of unemployment benefit level on post-unemployment oc-
cupational choice, I run the probit model as specified by equation (11) on the probability of
finding a job in a di↵erent occupation. I report the percentage marginal e↵ects of the model
in Table 2 rather than estimated coe cients, which indicate the change in the probability
of entering a new occupation associated with a one unit increase in the relevant explanatory
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variable.4 The primary explanatory variable of interest is the weekly benefit level which is
imputed with the value obtained from the BLS.
[INSERT TABLE 2: PROBIT REGRESSION]
I first run the regression without any controls, reported in column (1), to find that, consistent
with the literature, there is a positive relationship between the duration of an unemployment
spell and occupational mobility. The novel insight provided by this paper is the e↵ect of
the weekly benefit level. When controlling for spell duration, the UI level has a negative
e↵ect on the probability of switching occupations. A 10% increase in the weekly benefit level
decreases the probability of switching occupations by 6.33 percentage points. Both of the
e↵ects are significant at the 99% confidence level.
Introducing controls, and state and time fixed e↵ects, reported in column (3), increases
the magnitude of the e↵ect of the spell duration, and decreases the magnitude of the e↵ect
of weekly benefit level, while preserving the direction and significance of both variables.
This makes sense intuitively as well, since including state level fixed e↵ects accounts for the
variation introduced at the state level, which is where there are di↵erences in unemployment
insurance policy. This specification includes controls for the demographic information of the
individual such as gender, age, age squared (to capture experience), race, immigrant status,
household earnings; their pre-unemployment labor market characteristics, such as wage rate,
industry, occupation; and state and year of spell fixed e↵ects. Standard errors in this and
all subsequent specifications are clustered by state.
With controls, a 10% increase in weekly benefits reduces the probability of switching
occupations by 6.02 percentage points. Given that I control for pre-unemployment earnings
and state and year fixed e↵ects, any di↵erences in unemployment benefits come from within-
state changes in one of the aspects of UI legislation. These results thus speak to the fact
that if two individuals had the same observable characteristics except for their benefit level,
the one with the higher weekly benefit amount was less likely to switch occupations. This
4See Appendix on probit model for the calculation of marginal e↵ects.
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also occurs keeping unemployment duration fixed.
I also report the marginal e↵ects of other covariates in Table 2, and all subsequent tables.
It is interesting to note that dummies for education level seem to have a significant, positive
e↵ect on mobility when compared individuals with less than a high school degree, which is
used as the reference group. In comparison, dummies for gender and race find no significant
e↵ect suggesting that mobility patterns are not a↵ected by those demographic characteristics.
Similarly, the e↵ect of the pre-unemployment wage is also statistically insignificant and as
such, does not appear to impact occupational mobility flows.
5.1.1 E↵ect of UI on Occupational Mobility along the Business Cycle
As mentioned in the Section 4.2, I incorporate aggregate macroeconomic conditions into
the analysis by interacting the unemployment benefit level with the deviation of the state
unemployment rate from the average unemployment at the beginning of the spell (equation
(12)). The results of this regression are included in Table 3.
[INSERT TABLE 3: PROBIT REGRESSION USING UR]
The direct impact of the benefit level in this specification is also negative, as is the coe cient
on the interaction between the UI level and the deviation of the unemployment rate from its
mean. These findings are consistent with and without controls, and the e↵ects are significant
at the 99% confidence level. It is useful to note that this iteration yields lower p-values for
all regressors which can imply that it is a better representation of the mechanism through
which occupational mobility varies.
A 10% increase in the weekly benefit level changes the probability of switching occu-
pations by  5.91   2.18(UR   UR) percentage points. Therefore, at the state’s average
unemployment rate, the probability of switching occupations goes down by 5.91 percentage
points. When the unemployment rate deviates from its average, the e↵ect of unemployment
benefits on mobility depends on the state unemployment rate. During times of economic
downturn, where the state unemployment level is higher than average, an increase in benefits
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reduces occupational mobility further, while the magnitude is lower during booms. Addi-
tionally, the mobility for unemployed individuals is counter-cyclical overall, as evidenced by
the positive coe cient on (UR   UR). This finding is in line with previous research on
the occupational mobility of unemployed individuals, and provides novel insight on how the
e↵ect of UI varies along the business cycle.
5.1.2 E↵ect of UI on Occupational Mobility across Wealth Groups
Given the extant literature on the liquidity e↵ect of unemployment benefits that argues
that the moral hazard e↵ect of UI is low for low-liquidity households, it is worthwhile to
examine whether individuals in the lower end of the wealth distribution have di↵erent oc-
cupational mobility rates in response to the benefit level. To that end, I run the regression
specified in equation (13). The results of the stratified regression are reported in column (1)
of Table 4.
[INSERT TABLE 4: PROBIT REGRESSION BY WEALTH GROUP]
I find that the unemployment benefits have a negative e↵ect on mobility for both liquidity
constrained and unconstrained households. The magnitude of the e↵ect is stronger for in-
dividuals in the lowest quartile of the wealth distribution. After introducing covariates and
state and time fixed e↵ects, an individual in the lowest wealth quartile has a 6.27 percentage
point decrease in the probability to switch occupations when the benefit level increases by
10%. The e↵ect is significant at the 99% confidence level. In comparison, individuals in the
upper wealth quartile observe a lower reduction in their probability to switch occupations.
In response to a 10% increase, the probability of switching goes down by 5.76 percentage
points. Thus the e↵ect decreases monotonically across the wealth distribution, and the hy-
pothesis that the e↵ect on Q1 is the same as Q2 4 is rejected at the 90% confidence level.
This finding is in line with Chetty’s exploration on the liquidity e↵ects of unemployment
benefits, suggesting that an increase in benefit levels a↵ects individuals di↵erently according
to their liquidity constrain.
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5.1.3 E↵ect of UI on Occupational Mobility across Wealth Groups and Along
the Business Cycle
To test the robustness of the findings 5.1.1 and 5.1.2, I combine equations (12) and (13)
to run a regression that is both stratified and takes into account the state unemployment
rate.
qh,s,t =  (↵s,t +  1Q
1
i log(bh,s,t) ⇤ (urs   urs) +  2Q2 4i log(bh,s,t) ⇤ (urs   urs)+
 3Q
1
i (urs   urs) +  4Q2 4i (urs   urs) +  5durh +   [Xi ]). (14)
The results are reported in Table 5.
[INSERT TABLE 5: PROBIT REGRESSION USING UR BY WEALTH GROUP]
As before, I find that UI decreases mobility overall, and during recessions, for both wealth
groups. Additionally, both the wealth groups see an overall decrease in mobility when the
state unemployment rate is higher than its average. Including all covariates and state and
time fixed e↵ects reduces the significance of the estimates while preserving their direction, as
shown in column (3). In this iteration, however, individuals belonging to the lowest wealth
quartile respond less strongly to an equivalent increase in the benefit level, compared to those
in the top three wealth groups. For an individual in the lowest quartile, a 10% increase in
the benefit level reduces the probability of switching occupations by 3.78 percentage points
compared to an individual in the highest wealth quartile, who experiences a 3.86 percentage
point decrease. The former estimate is significant at the 95% confidence level, and the latter
at the 90% confidence level. However, unlike the finding in 5.1.2, we fail to reject the null
hypothesis that the coe cient on the wealth groups are di↵erent from each other. This
suggests that when there are fewer jobs available, the liquidity constrain plays less of a role
in determining mobility patterns. As such, though the mobility goes down, the behavior of
liquidity constrained versus unconstrained households are not statistically di↵erent. This is
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in line with prior literature that the liquidity e↵ect of UI is lower during times of economic
downturn.
5.2 Discussion
Under the model of occupational choice in Section 3, the e↵ect of unemployment insurance
on occupational mobility is discussed to be theoretically ambiguous. As such, the results
from Section 5.1 highlight important empirical evidence for which e↵ect - the lower cost
of switching occupations, or the ability to search in the previous occupation for longer -
dominates.
In all iterations of the empirical model, occupational mobility goes down with an increase
in the benefit level. This finding is consistent when controlling for the duration for which an
individual has been unemployed, the aggregate market conditions when they lose their job,
and the wealth group an individual belongs to. Therefore, it can be surmised that the cost
associated with switching occupations is not the dominant factor that influences mobility
decisions for the unemployed. Though UI decreases the cost to switch occupations, making
it easier for people to find a job in a new occupation, most people in the data see a reduction
in their probability to switch given an increase in UI. This suggests that the reason people
switch occupations is more related to the pressure to find a job quickly, as it is di cult to
find a job in their previous occupation. UI is able to insure individuals against the need to
do so, allowing them to reject suboptimal career options. People are a↵orded the time to
look for a job in their previous occupation for longer.
The analysis provides important insights on the e↵ect UI has on individuals’ ability to
extend the duration and quality of their search. The outcomes observed have implications
in terms of private and social welfare. The occupation-specific nature of human capital
suggests that workers are unable to transfer skills when they switch occupations (Jovanovic,
1979). Occupations also account for a large degree of wage distribution in the US. Higher
UI can enable individuals to retain the use of their existing skills and prevent them from
28
switching to occupations with lower wage prospects. This mitigates the negative e↵ects of
unemployment on labor outcomes.
Though workers may be maximizing their individual labor outcomes through finding
better-quality matches, the benefit level may discourage them from making decisions that are
socially optimal. For example, if a worker is laid o↵ from their teaching job, it may be socially
optimal for them to reallocate towards a job as a cashier instead of holding out for a teaching
position and running the risk of not finding reemployment. This is particularly true if the
chance of finding reemployment in their current occupation is low, and the expected total
utility is higher if the worker does not switch occupations. An increase in the unemployment
benefit level would enable the worker to take on more risk in choosing to not switch, resulting
in a social opportunity cost. This is not an ideal outcome from the perspective of the social
planner, who would want the level of benefit to insure workers just enough to choose the
occupation that maximizes total utility.
This e↵ect becomes particularly relevant when taking into account the di↵erent e↵ects
benefit levels have along the business cycle. Individuals tend to be less selective at times of
high unemployment since jobs are scarce. Though unemployed individuals have a higher rate
of occupation switches during recessions, the receipt of UI reduces this e↵ect. Not only does
UI reduce mobility; the magnitude of e↵ect is larger during times of downturn, suggesting
that UI is more e↵ective in mitigating the pressure to find a job in a di cult labor market.
This can be attributed to the fact that unemployment benefit levels induce a lower moral
hazard in recessions, thus enabling workers to search for jobs that better match their level
of human capital.
This brings into question the design of the unemployment insurance scheme in terms of
whether it should be adjusted according to the business cycle. The policy implications may
vary depending on the structural transformation that occurs during recessions. There has
been a body of research suggesting that unemployment benefits need to be extended during
recessions since it induces a lower moral hazard and helps in consumption smoothing. It
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has also been found that life-time earnings losses after job displacements in recessions is
substantially higher than it is in booms. This has been attributed to workers switching to
lower-paying occupations after job displacement, particularly in recessions (Arulampalam,
2001). The finding in this paper is that UI reduces the reallocation of labor during times of
economic downturn and as such, counter-cyclical UI policy can help mitigate the negative
e↵ects of unemployment during a recession.
However, if the economy sees an acceleration in terms of the restructuring of production
during the recession, then extending UI may exacerbate the negative e↵ects of searching for
jobs within the same occupation. During the Great Recession, the US saw a substitution
toward routine-biased technologies and the more-skilled workers that complement them. If
a higher unemployment benefit level discouraged workers previously employed in routine-
based occupations from searching for jobs in di↵erent occupations, it would result in losses
in terms of social benefit. In this case, UI would prolong the unemployment spell as workers
search for jobs with low job finding rates, particularly if those occupations have declined or
been o↵-shored. Further research is needed on the welfare e↵ects of rest unemployment to
understand how UI’s impact on occupational mobility can be used as a policy instrument.
The final implication of the findings is the e↵ect of benefits on occupational switching is
di↵erent across wealth groups, with liquidity constrained individuals being more sensitive to
changes in their benefit level than their liquidity unconstrained counterparts. This relates
to the the literature on the liquidity e↵ect of unemployment insurance by showing that
it also has implications on observable labor market outcomes. It thus contributes to the
conversation on the factors that need to be considered when providing individuals with UI,
as the e↵ects the UI level can vary according to the socioeconomic background of recipients.
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6 Conclusion
The impact of unemployment insurance has increasingly been studied by labor economists.
However, the extant studies have been limited to the moral hazard and liquidity e↵ect trade-
o↵s, and post-unemployment match quality as measured by wages and tenure. This paper
presented novel insight into an unexplored aspect of post-unemployment matches. Its pur-
pose was to empirically evaluate the e↵ect of UI on occupational mobility by estimating how
UI a↵ects the probability of switching occupations. It also analyzed how the e↵ect varies
along the business cycle, and across wealth groups. It found evidence that UI generosity
decreases the probability of individuals switching occupations, and that the e↵ect is stronger
during recessions, and for individuals from low-wealth households.
These findings are interpreted within a job search framework where UI decreases the
cost to switch occupations and also increases the ability to extend search for a job within
either. The theoretical ambiguity is addressed through the empirical analysis to find that
occupation switches are driven more so by the need to find jobs faster, as evidenced by
UI having a negative e↵ect on the probability to switch occupations. While there may be
problems with endogeneity in terms of the work-decision, it is considered to be representative
of a small proportion of individuals observed.
These results have two possible ways to open up paths towards further research. First, it
relates to the ability of individuals to stay within their current occupation when given higher
UI benefits, thus mitigating the chances of a potential wage penalty they would have to incur
if they switched to a poorly matched occupation. The empirical finding that UI increases
post-unemployment wages could thus be mediated through the e↵ect it has on reducing
occupational mobility. As such, the results warrant further exploration within that strand
of literature. Additionally, the results are also important from a policy perspective. UI has
the ability to limit the negative e↵ects of recessions by reducing the number of people who
sort into suboptimal occupations. As such, this paper further contributes to the research on
UI’s ability to act as a policy instrument. It is interesting to consider the welfare e↵ects,
31
in terms of the trade-o↵ between personal and social welfare, that results from individuals
searching within their current occupations instead of finding a job more quickly in a new
one. This is a conversation that has been ongoing since the 1970’s and will continue as we
see UI policy develop to meet the needs of a changing economy.
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Sample Selection and Definitions of Variables
The data used for the analysis is from the 1990, 1991, 1992, 1993, 1996, 2001, 2004 and
2008 panels of the Survey of Income and Program Participation. The data is pulled from the
National Bureau of Economic Research using the Center for Economic and Policy Research
(CEPR) uniform extract do-files for Stata. Interviews were conducted every 4 months for a
period of 2–4 years, and the data span November 1989 to February 2012. Pooling all panels
creates a dataset of 20,587,926 observations from 647,389 individuals. Out of these individ-
uals, 155,373 go through job loss at least once in the time that they are observed. I further
restrict the sample to individuals who have been observed both prior to and after unemploy-
ment, which shrinks the dataset to 108,761, and then to 106,585 individuals respectively. To
only consider individuals of working age, I drop individuals who are below 18 years of age
and above 65 years of age. I also drop observations from individuals in Maine, Vermont,
Iowa, North Dakota, South Dakota, Alaska, Idaho, Montana, and Wyoming because the
SIPP does not provide unique state identifiers for individuals residing in these small states,
which shrinks the dataset by 1,556. This leaves 76,250 individuals.
I only keep individuals who report to be actively searching for a job. I investigate the
employment status of the individual to identify those who report to be searching for a job, and
are not on temporary lay-o↵. The SIPP variable I make use of is the Monthly Employment
Status Recode (MESR). MESR classifies a worker’s monthly employment status into one of
the following 8 classes.
1: with job entire month, worked all weeks.
2: with job entire month, missed one or more weeks but not because of a layo↵.
3: with job entire month, missed one or more weeks because of a layo↵.
4: with job part of month, but not because of a layo↵ or looking for work.
5: with job part of month, some time spent on layo↵ or looking for work.
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6: no job in month, spent entire month on layo↵ or looking for work.
7: no job in month, spent part of month on layo↵ or looking for work.
8: no job in month, no time spent on layo↵ or looking for work.
I classify a MESR value of 6 or 7 as being unemployed, considering a MESR equaling 8 to
be classified as out of labor force. All the spells of being out of the labor force are examined
and as long as a value of 6 or 7 is observed, the worker is believed to have experienced
unemployment and are classified as being in an unemployment spell. Lastly, I only keep
individuals who report their reason for job loss as ”On layo↵; Discharged/fired; Job was
temporary and ended; Employer bankrupt or Slack work or business” so as to identify
involuntary separations. This leaves 26,520 individuals.
I transform the dataset to be identified by spells instead of individuals, and am left with
37,887 observations of spells. Lastly, for the regression analysis I exclude individuals who
have never received UI, leaving the final dataset comprising 28,895 spells.
To calculate the duration of an unemployment spell, I use the MESR, date of job sep-
aration, and the number of weeks in the reference month. For the individuals identified as
unemployed during the month, I sum up the number of weeks for each month during which
they were continuously unemployed. As such, the duration of each spell spans from the
starting date of job separation, to the month in which they are classified as employed.
For each spell, I record a switch in occupation when there is a change in the 3-digit
occupation code before and after the unemployment spell. Following Hill (1994), to record
a switch I further confirm a corresponding change in employer, industry, working hours or
wage rate. Otherwise the switch is considered to be errors in the survey process, and is not
recorded. Lastly, I do not record switches that are up or down the career ladder, using the
classification by Xiong (2015):
[INSERT TABLE 6: VERTICAL OCCUPATION SWITCHES]
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Probit Model
Since the main outcome variable is discrete, a probit model is chosen over an ordinary
least squares regression. The probit model utilizes the standard normal distribution in
developing probabilities which allows for a uniform probability of obtaining 0 or 1.





0 if Y ⇤ < 0
1 if Y ⇤   0
where,
Y
⇤ =  x+ ✏,
and x and   are variable and parameter matrices. ✏ is a vector of error terms. The probit
regression is based on the latent model, where the probability that Y ⇤ = 1 can be written in
terms of the cumulative distribution function of the explanatory variables and parameters.
P [Y = 1|x] = P [Y ⇤ > 0|x] =) P [ x+ ✏ > 0|x] =) P [✏ >   x|x] =) 1  F (  x)
Assuming ✏ is identically and independently distributed normally, this can be written as:
P [Y = 1|x] = 1  (  x
 
)
where  (·) is the cumulative distribution function of the normal distribution. Upon stan-
dardization we can use the symmetry of the distribution and simplify the expression for
P [Y = 1|x] as follows:
P [Y = 1|x] =  ( x)
The marginal e↵ects of each explanatory variable can be calculated for easier interpreta-
tion. The marginal e↵ect shows the e↵ect of an unit change of this variable on the probability
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P (Y = 1|x), given that all other variables are constant. It is calculated as follows:






where  (·) is the probability density of the standard Gaussian distribution (standard
normal distribution). Marginal e↵ects provide a better empirical understanding of how
each variable influences the probability of switching occupations, holding all other variables
constant. The parameters are estimated using maximum likelihood estimation.
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Table 1: Sample statistics
Pooled Sample
Demographics





Education Less than High School 20.4%
High School Grad 33.06%
Some College 32.32 %
College Degree 11.24 %
Post-College 2.98 %




School Enrollment Currently enrolled 18.99 %
Citizenship Immigrant 39.26 %
US Citizen 60.74 %






Pre-unemployment wage rate Mean $13.28
Standard deviation 41.03
Median $8.50
Post-unemployment wage rate Mean $11.67
Standard deviation 14.93
Median $8.50
Average duration of spell Overall 12.52 weeks
UI recipient 16.47 weeks
Not UI recipient 10.73 weeks
Receives unemployment benefits Yes 31.12 %
Weekly benefit level Mean $248.79
Standard deviation 68.71
Median $251.99
Switch Occupations Overall 61.06 %
UI recipient 62.29 %
Not UI recipient 60.51 %
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Table 2: E↵ect of Unemployment Benefits on Occupation Switching
Pooled Pooled (Full Controls) Pooled (Full Controls)
(1) (2) (3)
Variables
Log(UI) -0.6328⇤⇤⇤ -0.7125⇤⇤⇤ -0.6021⇤⇤
Duration of Spell 1.0566⇤⇤⇤ 1.3780⇤⇤⇤ 1.4277⇤⇤⇤
Age -0.8845⇤⇤⇤ -0.9076⇤⇤⇤
Age2 0.0072⇤⇤ 0.0076⇤⇤
Household earnings -0.0004⇤⇤⇤ -0.0003⇤⇤
High school grad 4.43418⇤⇤⇤ 4.61062⇤⇤⇤
Some College 5.17738⇤⇤⇤ 5.49377⇤⇤⇤
College grad 3.69862⇤⇤⇤ 4.00007⇤⇤








Notes: This table shows the percentage change in probability of switching occupation from the probit model
in equation (11). *** p < 0.01, ** p < 0.05, *p < 0.1. Regressors include year, state, industry fixed e↵ects
and a spline of pre-unemployment earnings. Errors are clustered at state level.
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Table 3: Interaction between UI and UR and its E↵ect on Occupation Switching
Pooled Pooled (Full Controls) Pooled (Full Controls)
(1) (2) (3)
Variables
Log(UI) -0.5908⇤⇤⇤ -1.1461⇤⇤⇤ -1.0587⇤⇤⇤
Duration of Spell 1.0587⇤⇤⇤ 1.3752⇤⇤⇤ 1.4213⇤⇤⇤
Log(UI)*(UR-UR) -0.2184⇤⇤⇤ -0.6672⇤⇤⇤ -0.6885⇤⇤⇤
(UR-UR) 0.5968⇤⇤⇤ 1.8173⇤⇤⇤ 1.8797⇤⇤⇤
Age -0.8610⇤⇤⇤ -0.8833⇤⇤⇤
Age2 0.0069⇤⇤ 0.0072⇤⇤
Household earnings -0.0004⇤⇤ -0.0003⇤⇤
High school grad 4.43018⇤⇤⇤ 4.29062⇤⇤⇤
Some College 5.17338⇤⇤⇤ 5.95377⇤⇤⇤
College grad 3.69462⇤⇤⇤ 3.80707⇤⇤








Notes: This table shows the percentage change in probability of switching occupation from the probit model
in equation (12). *** p < 0.01, ** p < 0.05, *p < 0.1. Regressors include year, state, industry fixed e↵ects
and a spline of pre-unemployment earnings. Errors are clustered at state level.
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Table 4: E↵ect of UI on Occupational Switching across Wealth Groups
Pooled Pooled (Full Controls) Pooled (Full Controls)
(1) (2) (3)
Variables
Q1Log(UI) -0.8496⇤⇤⇤ -0.7386⇤⇤⇤ -0.6276⇤⇤⇤
Q2 4Log(UI) -0.3798⇤⇤ -0.6864⇤⇤⇤ -0.5765⇤⇤⇤
Duration of Spell 1.0589⇤⇤⇤ 1.3782⇤⇤⇤ 1.4278⇤⇤⇤
Age -0.8853⇤⇤⇤ -0.9084⇤⇤⇤
Age2 0.0072⇤⇤ 0.0076⇤⇤
Household earnings -0.0004⇤⇤⇤ -0.0003⇤⇤⇤
High school grad 4.13018⇤⇤⇤ 4.61562⇤⇤⇤
Some College 4.87338⇤⇤⇤ 5.55377⇤⇤⇤
College grad 3.39462⇤⇤⇤ 3.81207⇤⇤








Notes: This table shows the percentage change in probability of switching occupation from the probit model
in equation (13). *** p < 0.01, ** p < 0.05, *p < 0.1. Regressors include year, state, industry fixed e↵ects
and a spline of pre-unemployment earnings. Errors are clustered at state level.
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Table 5: Interaction between UI and UR and its e↵ect on Occupation Switching across
Wealth Groups
Pooled Pooled (Full Controls) Pooled (Full Controls)
(1) (2) (3)
Variables
Q1Log(UI) ⇤ (UR  UR) -0.2497⇤⇤⇤ -0.3634⇤⇤ -0.3775⇤⇤
Q2 4Log(UI) ⇤ (UR  UR) -0.2443⇤⇤⇤ -0.3164⇤ -0.3857⇤
Q1(UR  UR) 0.3645 0.9630 0.9297⇤
Q2 4(UR  UR) 0.7647⇤⇤⇤ 1.1937⇤⇤⇤ 1.3843⇤⇤⇤
Duration of Spell 1.0334⇤⇤⇤ 1.3565⇤⇤⇤ 1.4035⇤⇤⇤
Age -1.0374⇤⇤⇤ -1.0464⇤⇤⇤
Age2 0.0086⇤⇤⇤ 0.0089⇤
Household earnings -0.0004⇤⇤⇤ -0.0003⇤
High school grad 4.18018⇤⇤⇤ 4.24062⇤⇤⇤
Some College 4.92338⇤⇤⇤ 5.98377⇤⇤⇤
College grad 3.44462⇤⇤⇤ 3.71207⇤⇤








Notes: This table shows the percentage change in probability of switching occupation from the probit model
in equation (14). *** p < 0.01, ** p < 0.05, *p < 0.1. Regressors include year, state, industry fixed e↵ects
and a spline of pre-unemployment earnings. Errors are clustered at state level.
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Table 6: Vertical Occupation Switches
3-digit occupation codes
023–025: 007 337–344: 305 486–489: 485
027: 008 337: 023 495, 496: 494
028–033: 009 348, 353: 306 498: 497
034: 013 354–378: 307 505–549: 503
035: 018 379: 303 506: 505
106: 084 404: 433 563–565: 553
204: 085 405: 448 564: 563
207: 095 407: 448 567, 569: 554
213: 055 413–415: 006 569: 567
214: 056 416, 417: 413 575–577: 555
215: 057 418–424: 414 576: 575
218: 063 425–427: 415 579–584: 556
223: 078 433: 017 585, 587: 557
224: 073 434–444: 433 587: 585
229: 064 439: 404, 436 614–617: 613
234: 178 443: 435 634–699: 628
243: 013 445: 085 635: 634
253–285: 243 449–455: 448 639: 637
305: 007 457–469: 456 654: 653
308, 309: 304 473: 475 804–814: 803
327: 028, 029 474: 476 844–859: 843
328: 027 477: 475, 476 865–889: 864
329: 164 479–484: 477
Note: There are 250 possible pairs in total as included by Xiong (2015). The source occupation code is















































Figure 1: Relationship between the Unemployment Spell Duration and Proportion of Individuals 


























Figure 2: Relationship between Age and the Proportion of Individuals who switch occupations: 


























Figure 3: Relationship between Gender and the Proportion of Individuals who switch 



























Figure 4: Relationship between State Unemployment Rate and the Proportion of Individuals who 



























Figure 5: Relationship between Household Earnings and the Proportion of Individuals who 
switch occupations: low levels of UI v/s high levels of UI 
 
 
 
 
 
 
 
 
 
 
 
 
  
